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QU'EST-CE QUE LA FOUILLE DE TEXTES ?

L'analyse et la fouille de données (Data Mining)
Le traitement automatique des langues

La recherche et I'extraction d’'information
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Un processus de fouille de textes
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QUELQUES CARACTERISTIQUES...

Quelle que soit la nature des donneées :

« Structures peu normalisées, formats variés e ,
P Des difficultés

* Les V du Big Data : Volume, véracité, variabilité, valeur, vitesse génériques.

Documents, textes et Iangues . Des Standards

- Données hétérogénes et multimodales necessaires.

« Multilinguisme (variations : lexique et terminologie, syntaxe...) Des solutions

- La langue est ambigué : polysémie, contexte, interprétation... | ajpartager.

Des solutions, des verrous : ingénierie et recherche
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Des données, des
meéta-données et des

formats : élements
pour une mise en
forme
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L’encodage des documents
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The design and realization of CoViD: a system for collaborative
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Abstract Many important decisions in the design
process are made during fairly early on, after de

have presented initial concepts. In many domains
these concepts are already realized as 3D digital
models. Then, in a meeting. the stakeholders for the
project get together and evaluate these potential
solutions. Frequently, the participants in this mee

want to interactively modify the proposed 3D d
10 explore the design space better. Today's systems and
tooks do not support this, as computer systems typically
support only a single user and computer-aided design
tools require significant training. This
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a collaborative
3D design process. First, we discuss a set of guidclines
which have been mtroduced by others and that are
relevant to collaborative 3D design systems. Then, we

the design of a new system to facil

introduce the new system, which consists of two main
parts. The first part is an casy-to-use conceptual 3D
design tool that can be used productively even by naive
users. The tool provides novel interaction techniques
that support important properties of conceptual design
The wser in
supports rapid creation and modification of 3D models
The sccond part is a novel infrastructure for collabo-
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1 Introduction

Today, digital 3D models are cntical in many dom:

all kin
industrial design, the entertainment industry, and many

such as architecture and urban plann of
engincering applications. Many of the important deci
sions surrounding a design are made in the initial
phases, after the designer(s) have proposed a first
version of the design. There, typically in a meeting. the
stakeholders in the project get together and evaluate
these potential solutions. Frequently, the participants
in this mecting want 1o interactively modify the

posed designs 10 exg the design space better
Today's design tools and computer infrastrocture do
not support such activities well, as computer systems
typically support only a single user and computer-aided
design tools require significant training

Traditional tools for 3D design require a large
amount of training. Part of this is based on the fact that
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e-mail: jyohRoptics.arizona.edu

setup. It is designed to support multiple users working

together. This infrastructure also includes novel

pointing devices that work both as a stylus and a remote pointing device.
collaborative infrastructure

forms a new platform for collaborative virtual 3D design. Then, we present

against the guidelines for collaborative 3D design. Finally, we present re

which asked naive users to collaborate in a 3D design

task on the new system.

Keywords Collaborative design 3D design

Collaborative virtual realit
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De multiples formats autres que XML

"jour";"nomReg"; "numReg" ;"incid_rea"
2020-03-19; "Auve -RhUne-Alpes";84;44

93-19; "Bourgogne-Franche-ComtE" ;27;33

receipt: Oz-Ware Purchase Invoice
date: 2012-08-06
customer:
first_name: Dorothy
" e " €. i :
wheadeX i JSON exaﬁ? islsome title tex family name: Gale
ngitle”: we "This
"descriptlo“Text items:
‘G ‘ - part_no: A4786
SN S b T text"s descrip: Water Bucket (Filled
& Content O | ntent example - P ( )
r1e": wThe cO price: 1.47
neit eer: | quantity: 4
velemen =
X leme 4 "
{ .. nrhe first © ¢ main rext"s " - part_no: [E1628
weitle": o:pst elemen ddition2 D : W : :
' Ry e w. "Firs t a descrip: High Heeled "Ruby" Slippers
Martinique";2;0 inText": s pst elemen
"malin * alText"' "Fir size: 8
naddition price: 133.7
\ quantity: 1
‘r’ wrhe second P ,a n text's
{ wgitle" iacsadi element ™ . additional bill-to: doo1l
wpmainText" o wgecond eleme? street: |
et malTOXC™ 123 Tornado Alley

Suite 16

JSON et ses variantes city:  Hast Centerville
https://en.wikipedia.org/wiki/JSON

'Auvergne-RhUne-Alpes"
: "Bourgogne-Franche-ComtE" ;27;9 ship-to: *id001
Rretacne! * 52 +9
RESLRENES5 225 < specialDelivery: >
;"Centre-Val -de-Loire";24;4 Follow the Yellow Brick

YAML

Yet Another Markup Language / YAML Ain't Markup Language

CSV https://en.wikipedia.org/wiki/YAML
https://en.wikipedia.org/wiki/

Comma-separated_values
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Des méthodes
Informatiqgues

et des ressources
linguistiques

04.06.19
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Des symboles et des
automates

mdin )

one
two
three
four
five a

ten -

eleven ::;;n

e | [

fourteen

fifteen

sixteen

seventeen

eighteen

nmneteen

<oy infoPage

<TOKEN>{S}
s}

(e )-)

infoAuthorTr infoAuthorTr

HToT T r>$infoAuthorTr§<fauthorTr>

(e )

<allinfoPublication> :
allinfoPublication InfoﬂpfoP C

laceVr>
infoPlaceTr acelr

>$infoPlaceTr$</info

Eric Laporte. Symbolic Natural Langnage Processing. Lothaire. Applied Combinatorics on Words,
Cambridge University Press, pp.164-209, 2005. hal-00145253

https://hal.archives-ouvertes.fr/hal-00145253/document

Graphe authorName : détection du nom(s) d’auteurs
—
= m
[ — <TOKEN>\+ E—
= s} s
Atd CD
<TOKEN><<[M<|™*]>> _c
o
c
=
— \ \ %
<npm>$nomA$</nom> m
n
aQ
O
—~
C
3.
—( <
nomA nomA <nom>$nomAS$</nom> :<D
a
>
o
Graphe infoTitleTranslation : détection du titre de la traduction >
— ED « o
( ( P> ) -8
T S5
m
o
<titre>$titre$</titre> =
o
]
N
o
=
=
N
titre Ing Ing <language>$ing$ <Nlanguage>
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Symboles, vecteurs et modeles de langue

-ette séri
d’un cer
S revenir
uere fois Vi mm—
e : Per

Q|

Un mot = une forme Des vecteurs de mots Des modeles de langues
the P(wy)
- he | P(ws|wy)
Similarité(d;, ds) ~ d;.d ne e
7 __ tfrjj—mean; (d1, d2) 1-%2 the cat sat P(ws|wz, wy)
score(ti]-) sdi N the cat sat on P(wq|wsz, wa, wy)
Simﬂarité(dl, d2) ~ COS(dl, d2) the cat sat on the P(ws|wg, w3, wa, w;)
° N 2 N z N the cat sat on the mat P(w6|w5, Wy, W3, wz,wl)
2 Im «Q Im g Im
= o = o =3 o
5' 3 5 % § % Slide Credit: Piotr Mirowski

Love 14.31 | Not 13.99 | Hittpbit 6.44
Good 14.01 | Fuck 12.97 | Httpfb 4.56

Happy | 12.30 | Don’t | 10.97 | Httpbnd | 3.78 P(Classel(w1.wo. ....wr_1.w
Great 11.10 | Shit 8.99 | Intern 3.58 ( |( L, W2y eeey WI—1, T))
Excite 10.35 | Bad 8.40 Nov 3.45

Best | 924 | Hate |829 | Hitpdivr | 3.40 etrégle de Bayes

Thank 9.21 | Sad 8.28 Open 3.30
Hope 824 | Sorry | 811 Live 3.28
Cant 8.10 | Cancel | 7.53 Cloud 3.28
Wait 8.05 | stupid | 6.83 begin 3.17

Tablel. The first ten terms having the highest Z_score in
each class ANF TDM — Introduction Fouille de Textes
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et des représentations

Vectorisation dans des espaces continus
(Doc2Vec) par plongements lexicaux

L 10
T 05
- 0.0
T-05
T-10

05
0.0
-05

10 -1.0
15

Cartes auto-organisées (SOM)

Analyse en Composantes Principales
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Un exemple de modele de langue

Language | #Volumes #Tokens

English 4,541,627 | 468,491,999,592
Spanish 854,649 | 83,967,471,303
French 792,118 | 102,174,681,393
German 657,991 | 64,784,628,286

GO gle BOOkS Russian 591,310 | 67,137,666,353

Ngram Viewer Exports Italian 305,763 | 40,288,810,817
Chinese 302,652 | 26,859,461,025
The Google Books Ngram Viewer is optimized for quick inquiries into the usage of small sets of phrases. If you're interested Hebrew 70,636 8,172,543,728

prefer to download a portion of the corpora yourself. Or all of it, if you have the bandwidth and space. We're happy to oblige.
Table 1: Number of volumes and tokens for each lan-
guage in our corpus. The total collection contains more
than 6% of all books ever published.

These datasets were generated in February 2020 (version 3), July 2012 (Version 2) and July 2009 (Version 1); we will update
versions will have distinct and persistent version identifiers (20200217, 20120701 and 20090715 for the current sets).

Each of the numbered links below will directly download a fragment of the corpus. In Version 2 the ngrams are grouped alphi
Version 1 the ngrams are partitioned into files of equal size. In addition, for each corpus we provide a file named total_count
that make up the corpus. This file is useful for computing the relative frequencies of ngrams.

A summary of how the corpora were constructed can be found here. We explain it in greater depth here (Version 2) and here
appear over 40 times across the corpus. That's why the sum of the 1-gram occurrences in any given corpus is smaller than tt

File format: Each of the files below is compressed tab-separated data. In Version 2 each line has the following format:

ngram TAB year TAB match_count TAB volume count NEWLINE

Jean - Luc Godard

® Jean - Luc Godard 0.0000182488% iflancgis Truffaut
ain Resnais
French ® Frangois Truffaut 0.0000217204%
Version 20200217
o 1-grams ® Eric Rohmer 0.0000098129%
e 2-grams @ AlainR . o
o 3-grams ain Resnais 0.0000177735% Eric Rohmer
. 4~grams T T T T T T T T T T T T T
e 5-grams 30 1955 1960 1965 1970 1975 1980 1985 1990 1995 2000 2005 2010 2015

* Dependencies
Version 20120701

-

https://books.google.com/ngrams

(click on line/label for focus)

ANF TDM — Introduction Fouille de Textes 16




Des modeles

ALBERT

Auto Classes
BART
BARThez
BARTpho

BEIT

BERT
BERTweet
BertGeneration
BertJapanese
BigBird
BigBirdPegasus
Blenderbot
Blenderbot Small
BORT

ByT5
CamemBERT
CANINE

CLIP
ConvBERT
CPM

CTRL
DeBERTa
DeBERTa-v2
DeiT

DETR
DialoGPT

de langue « neuronaux »

DistilBERT

DPR

ELECTRA

Encoder Decoder Models
FlauBERT

FNet

FSMT

Funnel Transformer
HerBERT

I-BERT

LayoutLM
LayoutLMV2
LayoutXLM

LED

Longformer

LUKE

LXMERT
MarianMT
M2M100
MBart and MBart-50
MegatronBERT
MegatronGPT2
MobileBERT
MPNet

mT5

OpenAl GPT

OpenAl GPT2

GPT-J

GPT Neo
Hubert
Pegasus
PhoBERT
ProphetNet
RAG

Reformer
RemBERT
RetriBERT
RoBERTa
RoFormer
SegFormer
SEW

SEW-D

Speech Encoder Decode
Speech2Text
Speech2Text2
Splinter
SqueezeBERT
T5

TSv11

TAPAS
Transformer XL
TrOCR
UniSpeech
UniSpeech-SAT

https://huggingface.co/transformers/model_summary.html

CamemBERT

A Tasty French Language Model

Facebook Al Research
Inria
ALMANnaCH

https://camembert-model.fr

FlauBERT

https://github.com/getalp/Flaubert

@ e
\ dépasser les frontiéres L P
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N e ) ] A A @ projector.tensorflow.org & (4] th 8]

word embedding explorer - Recherc... Embedding projector - visualization... wevi Vector explorers Word embedding demo +

Embedding Projector

DATA ) | Points: 10000 | Dimension: 200

A
5 tensors found @ by
Word2Vec 10K v - Search * word -

word v

Color by

No color map v

Sphereize data @

Load data Publish o

Checkpoint: Demo datasets

Metadata: oss_data/word2vec_10000_200d. -
labels.tsv

PCA

X Y

Component #1 ~  Component #2 ~

Z

Component #3 = ; ’

PCA is approximate. @

Total variance described: 8.5%. BOOKMARKS (0) @ A~




e (]

word embedding explorer - Recherc...

Embedding Projector

DATA

5 tensors found

Word2Vec 10K -
word v
Color by

No color map v

Sphereize data @

Load data Publish

Checkpoint: Demo datasets

Metadata: oss_data/word2vec_10000_200d
labels.tsv

PCA CUSTOM

X Y

Component #1 ~  Component #2

Component #3 «

PCA is approximate. @

Total variance described: 8.5%.

A A

& projector.tensorflow.org

Embedding projector - visualization...

)

Points: 10000 | Dimension: 200 | Selected 101 points

allow

compact

software

wevi

smooth download

eagy

avanabie jrtyjal net

sk positive
provides
allowing open

dévelopment free

freely

required

providing

benefits

restrictions

license

licenses
urce

online
project
fair
liberty
friendly

independent ~pro

freedom

union

free

word free
count 5684

Vector explorers

Isolate 101 Clear
points selection
earch by
ee * word -
neighbors @  -@ 100
distance COSINE EUCLIDEAN

Nearest points in the original space:

0.580

0.592

0.616

BOOKMARKS (0) @ A




Arbres et foréts, régressions, vastes marges, neurones...

.__0 O O Weka Classifier Tree Visualizer: 19:27:12 - trees.J48 (LangueTex...

Tree View

>0

Marge maximale

crédits : Sylenius CC BY-SA 3.0

Probability of passing exam versus hours of studying

1.00- . . . . Ve e ey

£0.75-

©

=

Ch)

(=]

c

‘@

2

©

2050~

o

=

o

©

o

=

2 0.25-

000- & ¢ & o o o o . . .
1 2 3 4 5

Hours studying

crédits : Michaelg2015 CC BY-SA 4.0

données

crédits : Sylenius CC BY-SA 3.0

— Sorties avec scores

observées
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CLARIN 'M': About v Participants Knowledge Base ~ Funding Events News Contact

Home - Services ~ Virtual Language Observatory (VLO)

Virtual Language Observatory (VLO)

The Virtual Language Observatory (VLO) provides a means of exploring > he Vi [ b

language resources and tools. Its aim is to provide an easy to use interface, Go to the Virtual Language Observatory

allowing for a uniform search and discovery process for a large number of

resources from a wide variety of domains. Facets make it easy to explore and access available resources. A powerful query syntax makes it htt -// I H / t t/ 1 -t |
possible to carry out more targeted searches as well. It also makes it easy to review processing options for discovered resources via the pS - WWW' C a rl n - e u Co n e n VI r u a
Language Resource Switchboard, and to create virtual collections based on search results via the Virtual Collection Registry.

The following list provides a few links for example selections and queries to start exploring: I an g u ag e - O bse rvato ry-VI O

® Resources for spoken French

e Corpora with Polish content

e All records from the Language Bank of Finland

e Searching for a general term: “slovenian news sentiment”
e Searching for a specific record or set of records: “Hamburg MapTask Corpus” r—‘

More information is available in the VLO’s integrated help page. C )

\()- ORTOLANG

/ﬁ‘ Accueil Rechercher dans ORTOLANG

Corpus

_ Outils et Ressources pour un Traitement Optimisé
LEXRIES de la LANGue

Terminologies

ORTOLANG est un équipement d'excellence validé dans le cadre des investissements
d'avenir. Son but est de proposer une infrastructure en réseau offrant un réservoir de
données (corpus, lexiques, dictionnaires, etc.) et d'outils sur la langue et son
traitement clairement disponibles et documentés qui :

Outils

Projets Intégrés 2 s
) 8 ® permette, au travers d’'une véritable mutualisation, a la recherche sur I'analyse,

la modélisation et le traitement automatique de notre langue de se hisser au

meilleur niveau international;

facilite 'usage et le transfert des ressources et outils mis en place au sein des

laboratoires publics vers les partenaires industriels, en particulier vers les PME

Informations qui souvent ne peuvent pas se permettre de développer de telles ressources et
outils de traitement de la langue compte tenu de leurs co(ts de réalisation;

* valorise le francais et les langues de France a travers un partage des htt pS ://WWW. O rto I an g . fr

connaissances sur notre langue accumulées par les laboratoires publics.

Actualités

Producteurs

ORTOLANG est un service spécialisé pour la langue, complémentaire de
l'offre générale proposée par Huma-Num (trés grande infrastructure de
Huma-Num recherche).

La charte d'ORTOLANG définit les modalités d'utilisation et de dép6t de ressources
sur la plate-forme.
Vous pouvez consulter la charte ou la télécharger ([3 fichier au format pdf)

ORTOLANG bénéficie d'une aide de I'Etat au titre du programme «
Investissements d'avenir »
(ANR-11-EQPX-0032)

ORTOLANG ISSN 2417-7482




ASSOUCTATION

2020 Celede aton el
X i
RESOURCES

Do clicas et aliogche

European Language Resources Association

1,387 language resources at your disposal

Type in your keywords, please... m

This is the new version of the ELRA Catalogue of Language Resources. If you would like to view the older version, click here

An increasing number of LRs in the various fields of Human Language Technology (see image on the left-hand side) are distributed on behalf of ELRA via its operational body ELDA, thanks to the con
the HLT community.

Our aim is to provide Language Resources, by means of this repository, so as to prevent researchers and developers from investing efforts to rebuild resources which already exist as well as help ther
resources.

Latest Resources

French-Vietnamese Dictionary German-Vietnamese Dictionary Vietnamese-French Dictionary

The French-Vietnamese Dictionary consists of 82,768 entries The German-Vietnamese Dictionary consists of 32,511 entries The Vietnamese-French Dictionary consists of 43,296 entries
containing the following information: phonetics (using IPA), containing the following information: phonetics (using IPA), containing the following information: phonetics (using IPA),
morphology, grammar, semantics, pragmatics and examples. All morphology, grammar, semantics, pragmatics and examples morphology, grammar, semantics, pragmatics and examples for
headwords are pronounced with true voice by native speakers. available only for the source language. Headword (in Vietnamese) source language only. The dictionary is provided in XML format.
The dictionary is provided in XML format. has true voice by native speakers.

Vietnamese-German Dictionary Ema-lon Manipuri Corpus (including NRC Emotion Lexicon - Revised

word embedding and language model) version

The Vietnamese-German Dictionary consists of 42,793 entries
containing the following information: phonetics (using IPA),

3 _ The Ema-lon Manipuri Corpus consists of a set of resources for The NRC Emotion Lexicon was originally built by Saif M.
morphology, grammar, semantics, pragmatics and examples

Manipuri language (locally known as Meiteilon) for the purpose of Mohammad and Peter D. Turney through crowdsourcing. The
machine translation. The main source for these resources is the NRC was created in order to assist with emotion analysis as other
Sangai Express news website. The resources that constitute the  emotion lexicons were smaller at the time. In order to be able to fix
present corpus are listed below: 1. EM Corpus, abbreviation of ...  this problem, Saif crowdsourced a huge ...

available only for the source language.

http://catalog.elra.info/en-us/

. . Ll i w m‘mum
Vvoir aussi : https://www.ldc.upenn.edu % ! S
" - -

Linguistic Data Consortium




Ressources « collaboratives »

A propos

Le Diko est la version dictionnaire
du réseau obtenu avec JeuxDeMots,
PuClic, Askit et Totaki. Les
données sont libres de droit. Pour
contribuer, il suffit soit de jouer a
JeuxDeMots, soit de contribuer
directement ici (vous devez étre
connecté avec votre pscudo et
cliquer sur le crayon en haut a
droite  pour passer en mode
contributif).

Ce dictionnaire est associatif selon
de multiples types de relations, et
ne contient pas de définition (vous
pouvez préférer unc sortic non
formatée du rezo). Informations
complémentaires et statistiques, ici.

Champs masqués
vide

Donner pes ASSOCIATIONS D'IDEES AVEC LE TERME QUI SUIT @

le dictionnaire d'associations lexicales
contributif et libre de JeuxDeMots

[ faforme ___________[::>13:68887>29:80995

Verbe infinitif, Chunk:
(EInformations diverses | wiki

5 d'idées complcr e éléve = moutons ® mouton D ® doigts compter >
Génériques | H [E] compter >

(Qui/quoi peut compter [sujet... 2 | [LJ éleve
(Qui/Que peut-on compter [sujet... ?

doigts = jours = minutes ® pidces ® moutons ® heures

(Ot peut-on compter [sujet... ? |3 école [> = college [> = lycée = école primaire ® salle de classe

(Avec quoi peut-on compter [sujet... ? | [l boulier [>

(compter [sujet... comme sujet | [[4] éleve
(compter [sujet... comme prédicat | L7 compter [>

Soyez le premier de vos amis a indiquer que vous aimez ¢a.

http://www.jeuxdemots.org

record a battre de 218 Cr.

champion
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Et des ressources spécialisées

J'aide CISMuF]

c e
I S Me FCatalogue et Index des Sites
-, Médicaux de langue Frangaise

Recherche Doc'CISMeF
Sélection de sites, articles et documents en libre acoés

Pathologies, raitements, médicaments of RECHERCHER ‘

Projet CISMeF

Tous les outils ot services

Alde
tous les types
Une réalisation du D2IM ~ CHU b R o6
Hopitaux de Rouen lee d o - Epreuves Cl

uniquement les documents grand public et les assaciations do pationts
uniquement les théses et mémoires

S'inscrire

Index étique, Index . : Quol de neul 7 Alertes W
126 701 sites et documents le 02/12/2020

Informations COVID-19

Linndeonure Sciessifique es Sané

H-TOP

Consulter le MeSH et los autres ferminologies
de santé

CRBM MLiSSa

Consulter la littérature médicale scientifique
francophone
frangais 1316 069 rélérences le 02/12/2020

Browse Search Mappings Recommender Annotator Projects Landscape

Welcome to AgroPortal, a vocabulary and ontology repository for agronomy and related
domains

Search for a class

Enter a class, e.g. Melanoma m

Advanced Search

Find an ontology
Start typing ontology name, then choose from list B

Browse Ontologies ~

Ontology Visits (October 2021) AgroPortal Statistics

Ontologies 136

AGROVOC
Classes 883,277

AGRO
— Individuals 2,360,560

L2 @NRe QG

http://www.chu-rouen.fr/cismef/

http://agroportal.lirmm.fr
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=- Microsoft | Research Ourresearch «  Programs & events ~  Blogs & podcasts v About + Sign up: Research Newsletter All Microsoft ~ O

OpenAlex

https://openalex.org

An open, comprehensive catalog of
Open Academic Graph scholarly papers, authors, institutions,
and more.

OpenAlex will launch in December 2021, as a drop-in replacement for Microsoft
Academic Graph. Learn more in our latest blog post, and join the mailing list to
stay up-to-date.

Overview Publications

Open Academic Graph (OAG) is a large knowledge graph unifying two billion-scale academic graphs: Microsoft Academic Graph (MAG) and AMiner. In mid 2017, we
published OAG v1, which contains 166,192,182 papers from MAG and 154,771,162 papers from AMiner (see below) and generated 64,639,608 linking (matching)
relations between the two graphs. This time, in OAG v2, author, venue and newer publication data and the corresponding matchings are available.

Scopus: 27.0M Scopus: 27.0M Scopus: 27.0M Scopus: 27.0M
CWTS WoS: 22.9M Dimensions: 36.1M Crossref: 35.1M Microsoft Academic: 73.3M
Overlap: 17.7M Overlap: 21.3M Overlap: 20.7M Overlap: 22.0M https://opencitations.net

Credit: Martijn Visser, Nees Jan van Eck and Ludo Waltman Quantitative Science Studies 2021; 2 (1): 20-41.

https://www.natureindex.com/news-blog/microsoft-academic-graph-discontinued-whats-next




Des services logiciels
orientés

« foullle de textes »
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CD COoRTEXT

https://www.cortext.net

# IRaMuTe®

http://www.iramuteq.org
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Welcome to VOSviewer

VOSviewer is a software tool for constructing and visualizing bibliometric networks. These networks may for
instance include journals, researchers, or individual publications, and they can be constructed based on co-
citation, bibliographic coupling, or co-authorship relations. VOSviewer also offers text mining functionality that

can be used to construct and visualize co-occurrence networks of mportant%

scientific literature.

VOSviewer version 1.6.5

VOSviewer version 1.6.5 was released
on September 28, 2016. Some of the
improvements introduced in this
version are listed below:

e Overlay visualizations. These
popular visualizations have been
made more prominently visible.

e Maps based on bibliographic data.
Functionality for creating maps
based on bibliographic data has
been improved. Items can be
filtered based on citation counts,
and various types of overlay
visualizations are supported.

e Command line parameters. Many
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(e Keatext Our Product

Solutions  Services  Pricing Resources

Enhance your feedback
insights with text
analytics

Keatext is an Al-driven text analytics platform that instantly
processes your unstructured feedback, enabling you to dive
into the data and find key insights right away.

Take your feedback analysis to the next level with automatic
comment grouping, opinion and sentiment analysis,
advanced data visualization, and powerful trend detection.

Multichannel analysis

Upload and get a global view on your
feedback data from reviews, emails,
surveys, help desk tickets, and call
centre logs.

i covmnrs I8 moount

Opinion and sentiment analysis

Analyzed sources

SONTRY. recent name

16477 comenenters

Instantly access the Praises, Problems,
Suggestions, Questions, and Mentions in
your feedback with accurate data
categorization.

u Reviews
» suveys
W Tickets

W Call centres

Multilingual processing

Analyze feedback with native
proficiency in English and French, and
top-of-the-line Al that translates 50+
other languages to English.

Advanced data filtering

Control and segment your data view
with custom filters based on your
metadata categories and relevant
keywords.
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2 Contact @ France~v @ Signin  Q Search

OpenteXt " Solutions & Produits ~ Secteurs v Services ~ Support ~ Ressources ~

Solutions de Discovery

Avec les logiciels et services eDiscovery et ses fonctions de
machine learning, retrouvez plus rapidement les données clées,
des données juridico-légales en passant par les données non
structurées issues des analyses décisionnelles.

Contactez-nous

Qu'est qu'un logiciel de Discovery?

Qu'il s'agisse de demandes de renseignements préalables a un litige, d'enquétes gouvernementales, d'interventions en cas
d'atteinte a la protection des données ou d'autres besoins juridiques et de conformité, les logiciels d'eDiscovery aident les
entreprises a protéger, recueillir, analyser, classifier, examiner et produire des informations stockées électroniqguement (ESI).

Les meilleures solutions logicielles d'eDiscovery exploitent la puissance de |'analyse prédictive, de I'analyse de texte, de la
collecte Iégale de données et des algorithmes de machine learning flexibles. Ces solutions réduisent les volumes de données,
automatisent les processus et accélerent la révision juridique. Les meilleures solutions d'analyse de contrats et moteurs de
recherche d'entreprise s'appuient sur ces mémes technologies fondamentales pour résoudre un éventail encore plus large de
problémes juridiques et commerciaux.

https://www.opentext.fr/solutions-et-produits/produits/decouverte
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https://www.ibm.com/cloud/watson-natural-language-understanding

Watson Natural Language

Understanding

The natural language processing (NLP) service for advanced text

analytics

Get started free

What is Watson
Natural Language
Understanding?

Overview

Why Watson NLU?

Watson Natural Language Understanding is a cloud native product that uses deep

learning to extract metadata from text such as entities, keywords, categories,

sentiment, emotion, relations, and syntax.

Powerful Insight Extraction

Get underneath the topics mentioned in
your data by using text analysis to
extract keywords, concepts, categories
and more.

Learn more

Deploy Anywhere

Deploy Watson Natural Language
Understanding behind your firewall or on
any cloud.

Learn more

Extensive Language Support

Analyze your unstructured data in more
than thirteen languages.

Learn more

Domain Customization

Train Watson to understand the
language of your business and extract
customized insights with Watson
Knowledge Studio.

Learn more

High-Accuracy Extraction

Out-of-the-box machine learning models
for text mining provide a high degree of
accuracy across your content.

Learn more

Data Control

Maintain ownership of your data with the
assurance that your data is safe and
secure. IBM will not collect or store your
data.

Learn more

Let’s talk



https://www.ibm.com/demos/live/natural-language-understanding/self-service/home
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IEEE TRANSACTIONS ON VISUALIZATION AND COMPUTER GRAPHICS, VOL. 14, NO. 6, NOVEMBER/DECEMBER 2008

The Word Tree, an Interactive Visual Concordance

Martin Wattenberg and Fernanda B. Viégas

Abstract— We introduce the Word Tree, a new visualization and information-retrieval technique aimed at text documents. A word
tree is a graphical version of the traditional "keyword-in-context" method, and enables rapid querying and exploration of bodies of &
—— e et = i s text. In this paper we describe the design of the technigue, along with some of the technical issues that arise in its
i implementation. In addition, we discuss the resulis of several months of public deployment of word trees on Many Eyes, which
provides a window onto the ways in which users obtain value from the visualization.

Index Terms-—Text visualization, document visualization, Many Eyes, case study, concordance, information retrieval, search.

love cannot ht the mark
i o i »
CHCK on bhnd is his love. and bes! befits the dark

Ty

4
if love be blind, blind love Casitiot bl e ek

it best agrees with night

It best agrees with night

Control-click bow boy’s butt - shaft: and is he a man t
on “blind”

Fig 3. Sequence showing some of the interaction options in the word tree. In figure A, the user has typed the word “if" in Romeo and Juliet. In B,
the user has clicked on “blind,” which appears in one of the branches under “if.” This causes the visualization to recenter to the longer phrase “if
love be blind.” In C, the user Control-clicks on “blind,” which causes the visualization to recenter to blind by itself, revealing that there are
additional phrases after this term.

http://lwww-958.ibm.com/software/data/cognos/manyeyes/page/Word_Tree.html
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Un processus de fouille de textes

Définition Reécolte

du des
3 données
probleme

Mise en forme . T
. Visualisation
et pré- :
. Exploration
traitements

(corpus)

LJ
Ld
L]
L
L J
L]
L]
L]
L]

Enrichissement Clasismcapon, Décision
= résume,
o guestions-
: réponses...

Recherche Extraction S Ar\]?:)l(;i/sge
d’'information d’'information ,y _q ’
semantique...

Evaluation

Ressources
linguistiques

CNrs
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Indexation et recherche d’'information https://www.elastic.co

isuskze  Create
s Search xoL Law s Show dates
3 « Add fimer
Mags ap setIngs spect Pl screes ) Save
S e o Tew v | il Stackedbar - el{u]a € Aminoofiaursden
Search fied names (] Unsaved Svlente Mmvn
Fitters
" .
® 5 iers Inter:
: o . Top values
[ # Records
- Select a tilg
2 « q L | . ”
” — E DateTine
% £ : t DateTh ‘.
—n " Number of vakows 1 —w0 79
B aNGoou # Deptn
Ordar by Aphabetical
2 + Distance
" Ordar direction Doscenang
1. a 0 . ¥
!. Display nama. Top vaiues of DateTime
0 -
N ¢ Lati
“ < H
3 ¢ Longitude
° ¢ "
PANNA  voncnA e - ' ritude
, N " M
: u g | |I| I |
¢ NoStations | | I"
.
Top vakues of OsteTime
o
3 s
w S
Tudh s -
Hil' | E —_ 2 669
Py St N 4 - E oy L)
wrren o | ———| X
c Close
S'CPA

La Suite Elastic

La Suite Elastic, construite sur une fondation open source, vous permet de rechercher,
analyser et visualiser, en toute fiabilité et sécurité, ainsi qu'en temps réel, des données
issues de n'importe quelle source et sous n'importe quel format.

s’appuie sur Apache Lucene




V

Téléchargez un corpus ISTEX

Vous étes membre de I'Enseignement supérieur et de la Recherche et vous souhaitez extraire un corpus de documents ISTEX ?
3 étapes suffisent pour récupérer une archive compressée de votre corpus sur votre disque dur.

1. Requéte

i

Explicitez le corpus souhaité en fonction de votre sélection parmi I'un des onglets ci-dessous :

Equation booléenne @ Identifiants ARK @ Import de fichier @

namedEntities.unitex.persName:beethoven AND namedEntities.unitex.placeName:vienna AND namedEntities.unitex.date:"eighteenth century"

L'équation saisie correspond a 164 document(s)

Choisir le nombre de documents € : | 11 - | /7164 | Tout

Choisir les documents classés € :
© Par pertinence & qualité Par pertinence Aléatoirement

https://dl.istex.fr

Exemples ©

AN



Traitement de corpus avec grammaires et dictionnaires

NooJ

A Corpus Processor - A Linguistic Development Environment - A Linguistic Engine
for developing Natural Language Processing software Applications.

(2) Enter file format:
" ASCI or Byte-Marked Unicode (UTF8, UTF16B or UTF16L)

™ NooJ Community Edition - [_Date.nog] & Other raw teat formats (141):

o) Fie Lab Project Info Edk Windows _ & x " Rich Text Format
Europe de Ouest (1A5) k-1A5}:20105 . C HTM
French (France) Syntactic grammar. Europe de [Ouest (150) fs0-8859-1):285 Lpage
Europe de [Ouest (Ma acintosh} 100 (™ PDF document
Europe de [Ouest (Windows) [Windows 3
wtm.ﬁ(ggm)mm- € MS-Word
Europe [x-Europa): 1
_ Frangais canadien (DOS) [IBM863):863 {2 Offrs 65
lundi Grec (DOS) [bm737):737
mardi Grec (1S0) fiso-8859-7):28597
mercredi | 39,30t 31 jours) o TEmEmE |
jeudi ol | (3) Enter Text Unit Delimiter:
vendredi |
ssmedi ' " No Delimter (whole text is processed as one unt)
dimanche i @ Text Unts are Ines/paragraphs ("\n")
(" PERLReg. Bop.: [
! € XML
\ '\ e Text nodes:
Te | ::::-ml B Annotations: [
: TRTL=p
|
|
|
i
|
|
___________________ avant J.C,
aprés J.C.
avant notrs ére
. Z années
Max Silberztein
Université de Franche-Comté
C:\Documents and Settings'silberz\ My Documents'NooJ\fr Syntactic Analysis'_Datanog
vendredi 4 février 2005
Cancel l

https://www.nooj-association.org
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Enrichissement et annotations « linguistiqgues »

Stanford CoreNLP 4.2.0 (updated 2020-11-16) https://corenlp.run

— Text to annotate —

Parfois dans ces derniers jours d’hiver, nous entrions avant d’aller nous promener dans quelqu’une des petites expositions qui s’ouvraient alors et ol Swann, collectionneur de
marque, était salué avec une particuliére déférence par les marchands de tableaux chez qui elles avaient lieu.

— Annotations — — Language —

parts-of-speech X | | constituency parse X | dependency parse X French Submit

Part-of-Speech:

(ADV) (ADP] [DET) [(ADJ)) (NOUN)ADP)(NOUN) PUNCT)PRON) (VERB) [ADP) (NOUN) VERB)(PRON) (VERB] (ADP) [PRON) (ADP)[DET) (ADJ)

(NOUN] (PRON] [PRON] [VERB] (ADV) [CCONJ)[PRON] [PROPN] PUNCT
Parfois dans ces derniers jours d' hiver

., hous entrions avant d’' aller nous promener dans quelqu'une de les petites expositions qui s’ ouvraient alors et ou Swann
[NOUN] [ADP) PUNCT] (AUX] (VERB] [ADP) [DET) [ADJ] [ADP] [BET) (ADP] (NOUN [(ADP| [PRON](PRON] (VERE] [NOUN)PUNCT)
collectionneur de marque , était salué avec une particuliére déférence par les marchands de tableaux chez qui elles avaient lieu

Dépendances
Unités lexicales et parties du discours

Constituants

ANF TDM — Introduction Fouille de Textes 46



Structuration automatique de références bibliographiques

e 00 Bilbo - web >
I. 4> | _ I D ' @ @ l 3|8 A = I + |  bilbo.openeditionlab.org ¢ |jhectenc| @ @
OpenEdition <?xml version="1.0" encoding="UTF-8"7> DOI: (]
|_ A B <llstBLt:’IA: e Corpus 1 (bibliography) : (=) / Corpus 2 (notes) : ()
l
A} V4 Bortoli M., Cutini V., 1999, Accessibilita urbana e distribuzione delle attivita. L'analisi configurazionale del centro - B
storico di Volterra, in Atti della XX Conferenza Italiana di Scienze Regionali, Piacenza, 5-7 Ottobre. | Annotate | - | Reset |
</bibl> e ST
<bibl> S S
Hill D.M., Bakker J.J., Akers B.L., 1964, An Evaluation of the Needs of the Pedestrian in Downtown, Traffic Research | Testcorpus 1 | | Test corpus 2 |
— Corporation, Chicago.
</bibl>
cybergeo b ki
Hillier B., 1996, Space is the Machine, Cambridge University Press, Cambridge.
</bibl>
<bibl>

Hillier B., 1999, Why space syntax works, when it looks as though it should not, in Environment &amp; Planning B :
Planning and Design, numero speciale monografico sullo Space Syntax Symposium (in corso di pubblicazione).
</bibl>
201 <bibl>
Index - Hillier B., Hanson )., 1984, The Social Logic of Space, Cambridge University Press, Cambridge.
</bibl>
<bibl>
Hillier B., Penn A., Hanson J., Grajevski, Xu J., 1993, Natural Movement : or, Configuration and Attraction in Urban
Pedestrian Movement, in Enviroment &mp; Planning B, Planning and Design, vol. 20.
</bibl>
<bibl> /)

Type:
Bortoli M., Cutini V., 1999, Accessibilita urbana e distribuzione delle attivita. L’analisi configurazionale del centro storico di Volterra, in Atti della XX
Conferenza Italiana di Scienze Regionali, Piacenza, 5-7 Ottobre.

fem_Rubrigues Hill D.M., Bakker J J., Akers B.L., 1964, An Evaluation of the Needs of the Pedestrian in Downtown, Traffic Research Corporation, Chicago.

Hillier B., 1996, Space is the Machine, Cambridge University Press, cambridge.

%w Anniversaire

Hillier B., 1999, Why space syntax works, when it looks as though it should not, in Environment & Planning B : Planning and Design, numero speciale
monografico sullo Space Syntax Symposium (in corso di pubblicazione).

Hillier B., Hanson J., 1984, The Social Logic of Space, Cambridge University Press, cambridge.

Hillier B., Penn A., Hanson J., Grajevski, Xu J., 1993, Natural Movement : or, Configuration and Attraction in Urban Pedestrian Movement, in Enviroment
& Planning B, Planning and Design, vol. 20.

Hoel L.A., 1968, Pedestrian Travel Rates in Central Business Districts, in Traffic Engineering and Control, January, 10-13.

Lautso K., Murola P., 1974, A Study of Pedestrian Traffic in Helsinki, in Traffic Engineering and Control, January, 446-449.
O’Flaherty C.A., Parkinson M.H., 1972, Movement on a City Centre Footway, in Traffic Engineering and Control, February, 434-438.
Pushkarev B., Zupan J., 1975, Urban Space for Pedestrians, MIT Press, cambridge, MA.

Test : http://bilbo.openeditionlab.org
Sources : http://github.com/OpenEdition/bilbo ANE TDOM — Introduction Fouille de Textes




AlvisAE (1

Annotation manuelle collective de textes.

H E| ] & S
hitps://bibliome. jouy.inra.fritydirws/ontobiotope2013/ [23260] BT'D-30042

%] A4 iE DR s AP

= ferret
& swine Major pathogen ofishiﬂpiand @I
» 4 herbivore )
¥ 4 ruminant a
: General information about mas
> bovine Mycoplasmas

<4 small ruminant

4 ruminant livestock (2)
& dog (2)
¥ 4+ domestic animal

] The bacterlmﬂ[Mycoplasma agalactla;]is a major pathogen of This species belongs to the group of sensu lato, or
("soft skin"), which are characterized by the absence of a cell wall. The Mollicutes] (about 200 species) are rooted in the lbacterial taxon) of [Gram{

¥ claire @

& cat |positive bacteria with low G+C oontem{ orlFinnicutes!(“hard skin"), which possess a thick cell wall. The loss of this cell wall is thus a derived character state
¥ 4~ farm animal e .
heep (2) i - for which, within the are related to the ICIostridH and the |Baclllﬂ, These last two groups are probably paraphyletic. : an
¥ pattle (2) X -
— Annotations Text selection
Y & sh 2
N Shiep %) Id Annotation Set K Type Details Vis
sheep
imported : —
9cb98. g’:::tatio]n Localization Bacterium . | Bacteria Mycoplasma agalactiae ~ Localization Geographical Europe = =
[}
MR PROpEEIS 7801, limported] S— Bacterium | Bacteria M. mycoides subsp. mycoides SC = - Localization Host small
¥id * Annotation ruminants
ba710...c5703 [imported] . . . i P
¥ Type 40bbc. Anritation . Localization Bactenum ~ Bacteria Mycoplasma agalactiae ~ Localization Host sheep g
= |
Hoef 09234, | [imported] {ocdlicai Bacterium | Bacteria Mycoplasma agalactiae ~ Localization Host small uminants =
MBTO-create  arisigtion ocalization v
¥ MBTO-link * L a b
152

https://bibliome.jouy.inra.fr/tydirws/ontobiotope2013/proje(=3
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SCIENCE & IMPACT




prodigy https://prodi.gy/

Radically efficient machine tea
An annotation tool powere)
i allale

@ character-based

@ Try it live and highlight entities!

Named E.n‘tity

Label any text, in any

language or script

ol alaae yaya8 o8 oY) gl raadl wldl 1945-1944 5 jdll o5, Prodigy lets you use token boundaries for faster and more
. i . consistent annotation, but it's also fully flexible: you can e .binm,
OS] Gl gduillag g LS &8 digdin (o8 acds IS5« LOCATION 3l g2 annotate from the character up if your task requires it. No :> -
e o ; . 5 matter what language or writing system you're working
LlEe 1o slan o dug, oY ooadl Gl uailsedl (de Lol ol L gle o : :
o FOER OIS 2l Crauilsgd Aotbarglee with, if it's text, Prodigy can help you annotate it.

i gus¥ ol 555300

100%
SOURCE: ar.wikipedia.org/wiki/%D9%87%D9%88%D9%84%D9%86%D8%AF%D8%A7

_core_web_sm

+ORG designer
3688 I as an
art annotating! uality, life-

Bootstrap with powerful patterns patterns. json!

f"pattern": [{"lower": "new"3}, {"lower": "york"3}], "label": "CITY"
f"pattern”: [{"lower": "berlin"}], "label": "CITY"}

Prodigy is a fully scriptable annotation tool, letting you automate as
much as possible with custom rule-based logic. You don’'t want to waste
time labeling every instance of common entities like "New York" or "the
United States" by hand. Instead, give Prodigy rules or a list of examples,
review the entities in context and annotate the exceptions. As you
annotate, a statistical model can learn to suggest similar entities, Ilivein New York ciry .
generalising beyond your initial patterns.




https://www.cs.waikato.ac.nz/ml/weka/

Classification WEKA

The workbench for machine learning

Weka is tried and tested open source machine learning

that can be accessed through a graphical user interface,

terminal applications, or a Java API. It is widely used for t
plethor:

Machine Learning without Programming

Weka can be used to build machine learning pipelines, train classifiers, and run evaluations without having to write a
single line of code:

= = I — — e
-:—w--m-nw- - - :’ " | o T - -
Open a dataset Choose a classifier Evaluate predictive
First, we open the dataset that we would Second, we select a learning algorithm to accuracy
like to evaluate. use, e.g., the J48 classifier, which learns Finally, we run a 10-fold cross-validation

decision trees. evaluation and obtain an estimate of

predictive performance.

ANF TDM — Introduction Fouille de Textes
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Des bibliotheques Python (ou Java, C++, Swift)

' Cean nstal UserGuide API Examples More~ (
« Simple and efficient tools for predictive data analysis

. . ;i | e
scikit el
e * Accessible to everybody, and reusable in various contexts

Machine Learning in Pythor « Built on NumPy, SciPy, and matplotiib
+ Open source, commercially usable - BSD license

al vl Documentation ~

‘ Z
2ENL

Welcome to Apache OpenNLP

lage text

A & Download ~
& péNL A Home & Download

Thi Getting Started  Release Highlights for 0.24  GitHub

Classification Regression Clustering
Identifying which category an object belongs to. Predicting a continuous-valued attribute Automatic grouping of similar objects into sets.
associated with an object
lications: Spam detection, image lications: Customer ion, Grouping
Algorithms: ¢ random Applications: Drug response, Stock prices. experiment outcomes
forest, and more. Algorithms: SVR, nearest neighbors, random Algorithms: k-Means, spectral clustering, mean-
forest, and more. shift, and more.

penNLP librz amacl

1 TensorFlow Installer Apprendre v APl ¥ Ress

CoreNLP

Keras

Simple. Flexible. Powerful.

Guides APl docs

PyTorch GetStarted  Ecosystem  Mobile  Blo

FROM

RESEARCH TO
PRODUCTION

Alz Allen Institute for Al An open source machine learning framework that accelerates the path from
research prototyping to production deployment.

Deep learning for humans.

Keras is an API designed for human beings, not machine:
Keras follows best practices for reducing cognitive load: i
offers consistent & simple APIs, it minimizes the number
of user actions required for common use cases, and it
provides clear & actionable error messages. It also has
extensive documentation and developer guides.

AllenNLP




AllenNLP

N

J

Answer a question

Reading Comprehension

Visual Question Answering

Annotate a sentence

Named Entity Recognition

Open Information Extraction

Sentiment Analysis

Dependency Parsing

Constituency Parsing

Semantic Role Labeling

Annotate a passage

Coreference Resolution

Cenerate a passage

Language Modeling

Masked Language Modeling

Com pare two sentences

Textual Entailment

Named Entity Recognition

Named Entity Recognition is the task of identifying named entities (people, locations, organizations, etc.) in the input
text.

Model

Fine Grained Named Entity Recognition

This model identifies a broad range of 16 semantic types in the input text. It is a reimplementation of Lample
(2016) and uses a biLSTM with a CRF layer, character embeddings and ELMo embeddings.

TaskDemo Model Card Model Usage

Example Inputs

When | told John that | wanted to move to Alaska, he warned me that I'd have trouble finding a Starbucks there.

Sentence

When | told John that | wanted to move to Alaska, he warned me that I'd have trouble finding a Starbucks there.

Run Model

Model Output Share

Entities

When | told that | wanted to move to , he warned me that | 'd have trouble finding a
PERSON GPE ORG

there .

ANF TDM — Introduction Fouille de Textes




AllenNP

Reading Comprehension Language Modeling
Visual Question Answering Language modeling is the task of determining the probability of a given sequence of words occurring in a sentence.
Z. Annotate a sentence ~ Model

GPT2-based Next Token Language Model

This is the public 345M parameter OpenAl GPT-2 language model for generating sentences. The model embeds some
input tokens, contextualizes them, then predicts the next word, computing a loss against known target. If BeamSearch
is given, this model will predict a sequence of next tokens.

Named Entity Recognition
Open Information Extraction

Senti t Analysi
sl el TaskDemo Model Card

Dependency Parsing

Example Inputs
Constituency Parsing
The doctor ran to the emergency room to see the

Semantic Role Labeling
Sentence

Annotate a passage A
The doctor ran to the emergency room to see the

Coreference Resolution

o+, Generate a passage ~ Run Model

Language Modeling |
Masked Language Modeling Model OUtPUt Share
£ Compare two sentences ~
Prediction Score
Textual Entailment
The doctor ran to the emergency room to see the patient.«" ... I 09,1 %
The doctor ran to the emergency room to see the girl. She was crying ... | 0,6 %

The doctor ran to the emergency room to see the injured victim.+ | 0,2 %




https://studio.ai21.com/playground

AlI21studio e @ Studio B Documentation B Community @

Canvas @ Quickstart @ Clearcll g£> Share

Presets Configuration

¥ Explain a word
&l De-Jargonizer
® Predict the outcome
M Generate code
& Classify news topics
£2 Summarize restaurant reviews
Z. Blog post ideation
@ sports trivia
] Convert text to table
? Table question answering
{l¢ Product description generator
2., Python to Javascript
@: Openness classifier

%, Generate catchy headlines

Predict common sense results of the following actions.
Action: | didn't water the plant for 3 weeks.

Result: The plant died.

Action: | went to school.

Result: | got a diploma.

Action: | left the AC on all day.

Result: | got a high utility bill.

Action: | helped my neighbors when their car broke down.

Result: My neighbors were grateful.

Action: | put the ice cream outside for an hour.
Result: The ice cream melted.

Model
j1-jumbo (178B)

Max completion length

—e

1

Temperature

Top P

0.01

Stop sequences

-0

Alternative tokens

x r:} i"‘ /" 2 {: ig 8




Overview

A

©oopoopoonon

Documentation Examples

Chat

Open ended conversation with an AT assist...

Grammar correction

Corrects sentences into standard English.

Natural language to OpenAI API
Create code to call to the OpenAI API usin...

English to French

Translates English text into French.

SQL translate

Translate natural language to SQL queries.

Classification

Classify items into categories via example.

Movie to Emoji

Convert movie titles into emoji.

Translate programming languages
Translate from one programming language ...

Explain code

Explain a complicated piece of code.

Factual answering
Guide the model towards factual answering ...

@ beta.openai.com

Examples - OpenAl API

Login Join the waitlist

Q&A

Answer questions based on existing know

Summarize for a 2nd grader

Translates difficult text into simpler conce

Text to command
Translate text into programmatic commar

Natural language to Stripe API
Create code to call the Stripe API using n:

Parse unstructured data

Create tables from long form text

Python to natural language

Explain a piece of Python code in human t

Calculate Time Complexity

Find the time complexity of a function.

Advanced tweet classifier
Advanced sentiment detection for a piece

Keywords

Extract keywords from a block of text.

Ad from product description
Turn a product description into ad copy.

<>

Product name generator

Create product names from examples word...

Python bug fixer

Find and fix bugs in source code.

JavaScript helper chatbot

Message-style bot that answers JavaScript ..

Science fiction book list maker

Create a list of items for a given topic.

Airport code extractor
Extract airport codes from text.

Extract contact information

Extract contact information from a block of ..

Friend chat

Emulate a text message conversation.

Write a Python docstring

An example of how to create a docstring for ..

JavaScript one line function

Turn a JavaScript function into a one liner.

Third-person converter

Converts first-person POV to the third-pers..

VR fitness idea generator

Create ideas for fitness and virtual reality g..

Essay outline

Generate an outline for a research topic.

OpenAl &
@OpenAl

https://openai.com/

TL;DR summarization
Summarize text by adding a 'tl;dr:' to the en...

Spreadsheet generator

Create spreadsheets of various kinds of dat...

ML/AI language model tutor

Bot that answers questions about language...

Tweet classifier

Basic sentiment detection for a piece of text.

SQL request
Create simple SQL queries.

JavaScript to Python

Convert simple JavaScript expressionsinto ..

Mood to color

Turn a text description into a color.

Analogy maker

Create analogies. Modified from a communi.

Micro horror story creator
Creates two to three sentence short horror

Notes to summary

Turn meeting notes into a summary.

ESRB rating
Categorize text based upon ESRB ratings

Recipe generator

Create arecipe from a list of ingredients.



https://openai.com/api/

Build next-gen apps with
OpenAl’s powerful models.

OpenAI's API provides access to GPT-3, which performs a wide
variety of natural language tasks, and Codex, which translates
natural language to code.

Pricing

Simple and flexible. Only pay for what you use.

JOIN THE WAITLIST

Per-model prices

Ada rastest Babbage Curie Davinci Most powerful

$0.0008 /i toren $0.001.2 /i token $0.0060 /1« toren $0.0600 /i« e

Multiple models, each with different capabilities and price points. Ada is
the fastest model, while Davinci is the most powerful.

Prices are per 1,000 tokens. You can think of tokens as pieces of words,
where 1,000 tokens is about 750 words. This paragraph is 35 tokens.




NLTK http://www.nltk.org

NLTK Corpora

NLTK has built-in support for dozens of corpora and trained models, as listed below. To use these within NLTK we recommend that :
Please consult the README file included with each corpus for further information.

1 merteieeee e T de ~£ T njcode Version 7.0.0 character properties in Perl [ download | source
100266; author: ; copyright: ; license: ;

N LT K 3 . 5 d ocume nt at 10n ligner (Sultan et al. 2015) subset of the Paraphrase Database. [ download | source ]

‘711; author: ; copyright: ; license: Creative Commons Attribution 3.0 Unported (CC-BY);

[.download | source ]
i3; author: Jan Strunk; copyright: ; license: ;

NEXT MODULES INDEX

- dor de Sufixos da Lingua Portuguesa) [ download | source ]
Natural Language TOOIklt hor: Viviane Moreira Orengo (vmorengo@inf.ufrgs.br) and Christian Huyck; copyright: ; license: ;
. : e . . es [ download | source ]
NLTK is a leading platform for building Python programs to work with human language data. It provides 00510; author: ; copyright: ; license: ;
easy-to-use interfaces to over 50 corpora and lexical resources such as WordNet, along with a suite of text I—
processing libraries for classification, tokenization, stemming, tagging, parsing, and semantic reasoning, + 6785405 author: ; copyright: ; license: ;

wrappers for industrial-strength NLP libraries, and an active discussion forum.
nker (Maximum entropy) [ download | source ]

Thanks to a hands-on guide introducing programming fundamentals alongside topics in computational ; size: 13404747; author: ; copyright: ; license: ;
linguistics, plus comprehensnye API| documen.tatlon, NLTK is syntable for linguists, engineers, studepts, T
educators, researchers, and industry users alike. NLTK is available for Windows, Mac OS X, and Linux. Best 10961490; author: ; copyright: ; license: ;

of all, NLTK is a free, open source, community-driven project.
S PAIS0M00 w proj del [ download | source ]

NLTK has been called “a wonderful tool for teaching, and working in, computational linguistics using size: 24516205; author: ; copyright: ; license: ;

Python,” and “an amazing library to play with natural language.” nload | source |

ize: 49396025; author: ; copyright: ; license: ;

11. Evaluation data from WMT15 [ download | source ]
id: wmt15_eval; size: 383096; author: ; copyright: ; license: ;

12. Grammars for Spanish [ download | source ]
id: spanish_grammars; size: 4047; author: Kepa Sarasola; copyright: ; license: ;

13. Sample Grammars [ download | source ]
id: sample_grammars; size: 20293; author: ; copyright: ; license: ;

14. Large context-free and feature-based grammars for parser comparison [ download | source ]
id: 1arge_grammars; size: 283747; author: ; copyright: ; license: See the individual grammar files;

15. Grammars from NLTK Book [ download | source ]
id: book_grammars; size: 9103; author: Ewan Klein; copyright: ; license: ;

16. Grammars for Basque [ download | source ]
id: basque_grammars; size: 4704; author: Kepa Sarasola; copyright: ; license: ;

ANF TDM — Introduction Fouille de Textes




Some simple things you can do with NLTK
N I—T K Tokenize and tag some text:

>>> import nltk

>>> sentence = """At eight o'clock on Thursday morning
. Arthur didn't feel very good."""
>>> tokens = nltk.word_ tokenize(sentence)
>>> tokens
['At', 'eight', "o'clock", 'on', 'Thursday', 'morning',
‘Arthur', ‘did', "n't"; ‘feal', ‘very', ‘good’; ".']
>>> tagged = nltk.pos_tag(tokens)
>>> tagged[0:6]
[EEAE S ITN ) (M aight iy ECD ) (T olclock” j AT G0 (ont S UTN By

http.//WWW.nItk.Org ('Thursday', 'NNP'), ('morning', 'NN')]

Identify named entities:

>>> entities = nltk.chunk.ne_chunk(tagged)
>>> entities
Trea('S’, [('At", '"IN'), (‘aight', 'CD'), (“o'clock®, 'JI"),
('on', '"IN'"), ('Thursday', 'NNP'), ('morning', 'NN'),
Tree('PERSON', [('Arthur', 'NNP')]),
('did', 'VBD'), ("n't", 'RB'), ('feel', 'VB'),
('very', 'RB'), ('good', 'J3'), ('.', '.")])

Display a parse tree:

>>> from nltk.corpus import treebank
>>> t = treebank.parsed sents('wsj 000l.mrg')[0]
>>> t.draw()

S
NP-SBJ VP .
DI catiia S |
NP ’ ADJP , MD vP
| | G | B e e
NNP NNP | NP W, wllve NP PP-CLR NP-TMP
| | Nl | 2N
Pierre  Vinken CD NNS old join DT NN IN NP NNP CD
.| | .. . = |
61 years the board as DT BA NN Nov. 29
| I
a  nonexecutive  director
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In [2]: from nltk.twitter import Twitter
tw = Twitter()
tw.tweets(keywords='love, hate', limit=10) #sample from the public stream

#ShowtimeKapamiIyaDay #ALDubEBforLOVE

@Real Liam Payne Please follow me , you mean the world to me and words can't describe how much i love you x3186

Love my ugly wife

RT @ansaberano: We Found Love

#PushAwardsLizQuen

RT @yungunmei: people want to fall in love but don't understand the concept

I don't care, I love It #EMABiggestFanslD

RT @bryan white: I'm not in the Philippines Yet but we are making a very BIG announcement in 2 days! Get ready! Love
you! #GGMY #ALDubEBfor..

I whole heartedly HATE @lakiamichelle like really HATE her @& who wants to be her friend because I DONT

RT @lahrose23: I love yu to https://t.co/dfsRwSplIC

RT @alone_in_woods: ahoj, jad jsem tvidj pes a tohle je nds love song /// Zrni - Ja jsem tvij pes https://t.co/7LOXPHeA
2d via €YouTube

Written 10 Tweets

N LTK Sana magkakaisa na ang mga Kapamilya at Kapuso. Spread love, not hate

Sentiment Analysis
>>> from nltk.classify import NaiveBayesClassifier h tt p : //WWW " n Itk [} O rg

>>> from nltk.corpus import subjectivity
>>> from nltk.sentiment import SentimentAnalyzer
>>> from nltk.sentiment.util import *

>>> n_instances = 100

>>> subj_docs = [(sent, 'subj') for sent in subjectivity.sents(categories='subj')[:n_instances])
>>> obj_docs = [(sent, 'obj') for sent in subjectivity.sents(categories='obj')[:n_instances]])
>>> len(subj_docs), len(obj_docs)

(100, 100)

Each d is rep d by a tuple ( label). The sentence is tokenized, so it is represented by a list of strings:
>>> subj_docs([0]
(['smart', 'and', ‘'alert', ',', 'thirteen', 'conversations', 'about', 'one',
‘thing', 'is', 'a', 'small', 'gem', '.'], 'subj')

‘We separately split subjective and objective instances to keep a balanced uniform class distribution in both train and test sets.

>>> train_subj_docs = subj_docs[:80])

>>> test_subj_docs = subj_docs([80:100]

>>> train_obj_docs = obj_docs[:80])

>>> test_obj_docs = obj_docs[80:100]

>>> training_docs = train_subj_docs+train_obj_docs
>>> testing_docs = test_subj_docs+test_obj_docs

>>> sentim_analyzer = SentimentAnalyzer()
>>> all words_neg = sentim analyzer.all words([mark negation(doc) for doc in training_docs])

‘We use simple unigram word features, handling negation:

>>> unigram feats = sentim analyzer.unigram word_feats(all words_neg, min_freq=4)
>>> len(unigram_ feats)

83

>>> sentim_analyzer.add_feat_extractor(extract_unigram feats, unigrams=unigram feats)

‘We apply features to obtain a featu 1 ion of our d

P

>>> training_set = sentim_analyzer.apply features(training_docs)
>>> test_set = sentim analyzer.apply features(testing_docs)

‘We can now train our classifier on the training set, and sub

ly output the evaluation results:

4

>>> trainer = NaiveBayesClassifier.train

>>> classifier = sentim_analyzer.train(trainer, training_set)

Training classifier

>>> for key,value in sorted(sentim_analyzer.evaluate(test_set).items()):

5% print('{0}: {1}'.format(key, value))

Evaluating NaiveBayesClassifier results...

Accuracy: 0.8

F-measure [obj): 0.8

F-measure [subj): 0.8

Precision [obj]: 0.8

Precision [subj): 0.8 ) )
Racall [obJ]: 0.8 ANF TDM — Introduction Fouille de Textes

Recall [subj]: 0.8
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Spacy https://spacy.io/

Spacy 3% Out now: spaCy v3.0 USAGE MODELS API UNIVERSE € 19524 Q  search docs

Industrial-Strength
Natural Language
Processing

IN PYTHON

Get things done Blazing fast Awesome ecosystem

spaCy is designed to help you do real work spaCy excels at large-scale information In the five years since its release, spaCy
— to build real products, or gather real extraction tasks. It's written from the has become an industry standard with a
insights. The library respects your time, ground up in carefully memory-managed huge ecosystem. Choose from a variety of
and tries to avoid wasting it. It's easy to Cython. If your application needs to plugins, integrate with your machine
install, and its APl is simple and process entire web dumps, spaCy is the learning stack and build custom
productive. library you want to be using. components and workflows.

GET STARTED FACTS & FIGURES READ MORE
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Spacy

https://spacy.io/

Edit the code & try spaCy

ocuments

When Sebastian Thrun started working on self-driving cars at "

"Google in 2007, few people outside of the company took him "

"seriously. "I
"car companies
"worth talking
"this week.")
nlp(text)

t("Noun phrases:",

t("Verbs:", [token.

Find named e

entity in doc.ents:

int(entity.text,

Noun phrases: ['Sebastian Thrun', 'self-driving cars', 'Google', 'few people',

can tell you very senior CEOs of major American "
would shake my hand and turn away because I wasn’t "

to,” said Thrun, in an interview with Recode earlier

[chunk.text for chunk in doc.noun_chunks])

lemma_ f¢ token in doc token.pos_ == "VERB"])

entity.label_)

'th

e company', 'him', 'I', 'you', 'very senior CEOs', 'major American car companies',

'‘my hand', 'I', 'Thrun', 'an interview', 'Recode']
Verbs: ['start', 'work', 'drive', 'take', 'tell', 'shake', 'turn', 'be', 'talk', '

say']

Sebastian Thrun PERSON

2007 DATE
American NORP
Thrun PERSON
Recode PERSON

earlier this week DATE

Features

Support for 69+ languages
58 trained pipelines for 18 languages

Multi-task learning with pretrained
transformers like BERT

Pretrained word vectors
State-of-the-art speed
Production-ready training system
Linguistically-motivated tokenization

Components for named entity
recognition, part-of-speech tagging,
dependency parsing, sentence
segmentation, text classification,
lemmatization, morphological analysis,
entity linking and more

Easily extensible with custom
components and attributes

Support for custom models in PyTorch,
TensorFlow and other frameworks

Built in visualizers for syntax and NER

Easy model packaging, deployment and
workflow management

Robust, rigorously evaluated accuracy
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Fonctionnalités de Spacy

Features

In the documentation, you'll come across mentions of spaCy's features and capabilities. Some of them refer to linguistic
concepts, while others are related to more general machine learning functionality.

NAME

DESCRIPTION

Tokenization

Part-of-speech (POS)
Tagging

Dependency Parsing

Lemmatization

Sentence Boundary Detection

(SBD)

Named Entity Recognition
(NER)

Entity Linking (EL)
Similarity
Text Classification

Rule-based Matching

Training

Serialization

Segmenting text into words, punctuations marks etc.

Assigning word types to tokens, like verb or noun.

Assigning syntactic dependency labels, describing the relations between individual tokens, like
subject or object.

Assigning the base forms of words. For example, the lemma of “was" is “be”, and the lemma of
“rats" is “rat".

Finding and segmenting individual sentences.

Labelling named “real-world"” objects, like persons, companies or locations.

Disambiguating textual entities to unique identifiers in a knowledge base.
Comparing words, text spans and documents and how similar they are to each other.
Assigning categories or labels to a whole document, or parts of a document.

Finding sequences of tokens based on their texts and linguistic annotations, similar to regular
expressions.

Updating and improving a statistical model’s predictions.

Saving objects to files or byte strings.

ANF TDM — Introduction Fouille de Textes
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File Edit Options Buffers Tools iESS Complete In/Out Signals Help
library("tm")
. .
= . ("crude™)
tm - Text Mining Package http://itm.r-forge.r-project.org/ pasatony
tdm TermDocumentMatrix(crude,
e g . .. . . - control = list(removePunctuation = TRUE,
tm (shorthand for Text Mining Infrastructure in R) provides a framework for text mining applications within R. rimoveﬂgmbergi ))
stopwords = TRUE
The tm package offers functionality for managing text documents, abstracts the process of document manipulation plot(tdm, :
N R terms = findFreqTerms(tdm, lowfreq = 6)[1:25],
and eases the usage of heterogeneous text formats in R. The package has integrated database back-end support to corThreshold = 8.5)

R Graphics: Device 2 (ACTIVE)

minimize memory demands. An advanced meta data management is implemented for collections of text documents
to alleviate the usage of large and with meta data enriched document sets.

The package provides native support for reading in several classic file formats (e.g. plain text, PDFs, or XML files).
There is also a plug-in mechanism to handle additional file formats.

The data structures and algorithms can be extended to fit custom demands, since the package is designed in a
modular way to enable easy integration of new file formats, readers, transformations and filter operations.

tm provides easy access to preprocessing and manipulation mechanisms such as whitespace removal, stemming, or
stopword deletion. Further a generic filter architecture is available in order to filter documents for certain criteria, or
perform full text search. The package supports the export from document collections to term-document matrices.

tm is freely available under the GNU General Public License (GPL).

--:--- plotTermDocumentMatrix.R All L13 (ESSI(S] [R] Rox Rbbrev

openNLP: Apache OpenNLP Tools Interface

An interface to the Apache OpenNLP tools (version 1.5.3). The Apache OpenNLP library is a machine learning based toolkit for the processing of natural language text written in Java.
common NLP tasks, such as tokenization, sentence segmentation, part-of-speech tagging, named entity extraction, chunking, parsing, and coreference resolution. See <https://opennlp.a

information.

Version: 0.2-7

Imports: NLP (= 0.1-6.3), openNLPdata (= 1.5.3-1), rJava (= 0.6-3)
Suggests: openNLPmodels.en

Published: 2019-10-26

Author: Kurt Hornik () [aut, cre]

Maintainer: Kurt Hornik <Kurt.Hornik at R-project.org>

License: GPL-3

NeedsCompilation:  no
SystemRequirements: Java (>=5.0)

In views: NaturalLanguageProcessing
CRAN checks: openNLP results

RSentiment: Analyse Sentiment of English Sentences

Analyses sentiment of a sentence in English and assigns score to it. It can classify sentences to the following categories of sentiments:- Positive, Negative, very Positive, very negative, Neutral.
sentences, it counts the number of sentences in each category of sentiment.In calculating the score, negation and various degrees of adjectives are taken into consideration. It deals only with Eny

Version: 222
Depends: R(=z2.1.0)
Imports: plyr, stringr, openNLP, NLP

Suggests: knitr, rmarkdown, testthat




CONCLUSION : LE TDM...

La recherche scientifigue dans son ensemble

La société au travers d’applications du quotidien

un corpus cible, des ressources de spécialité
d’intégrer différents composants logiciels, modeles, APls

un scénario et une reférence pour apprendre et evaluer

les composants sont interopérables, les métadonnées compatibles

I'intégration de différents composants logiciels est possible
(ou s’il existe déja une brigue logicielle répondant au besoin)

| oo |
Value and benefits of text mining

Vast f new info d data are

quired tc lc s potent

Executive summary

https://www.jisc.ac.uk/
reports/value-and-
benefits-of-text-mining

ANF TDM — Introduction Fouille de Textes 64



Lol A o

© N o w

The CLEF Initiative

Conlerence and Los of the Bxaluation Forum

http://www.clef-initiative.eu/

ARQMath: Answer Retrieval for Questions on Math

BioASQ: Large-scale Biomedical Semantic Indexing and Question Answering

CheckThat!: Automatic Identification and Verification of Claims

ChEMU: Named Entity Recognition and Event Extraction of Chemical
Reactions from Patents

eHealth: Retrieving and Making Sense of Medical Content

eRisk: Early Risk Prediction on the Internet

HIPE: Identifying Historical People, Places and other Entities
ImageCLEF: Multimedia Retrieval in Medicine, Lifelogging, and Internet
LifeCLEF: Multimedia Retrieval in Nature

LiLAS: Living Labs for Academic Search

PAN: Stylometry and Digital Text Forensics

Touché: Argument Retrieval

LifeCLEF - Biodiversity identification and prediction
ProtestNews - Extracting Protests from News

eHealth

CENTRE@CLEF

eRISK - Early Risk prediction on the Internet

PAN Lab on Digital Text Forensics and Stylometry

CheckThat! - Automatic Identification and Verification of Claims
PIR-CLEF - Evaluation of personalised IR

De nombreux ateliers et compeétitions

SemEval-2021

The 15th International Workshop on Semantic Evaluation

https://semeval.github.io/SemEval2021/tasks.html
Lexical semantics

o Task 1: Lexical Complexity Prediction ([email organizers] [mailing list])
Matthew Shardlow, Richard Evans, Gustavo Henrique Paetzold, Marcos Zampieri

o Task 2: Multilingual and Cross-lingual Word-in-Context Disambiguation ([email
organizers))

NOTE: new competition website!

Federico Martelli, Najla Kalach, Gabriele Tola, Roberto Navigli

nan-and Dependency-b S CH s N

o Task 4: Reading Comprehension of Abstract Meaning ([email organizers] [mailing
list])
Boyuan Zheng, Xiaoyu Yang, Yu-Ping Ruan, Quan Liu, Zhen-Hua Ling, Si Wei,
Xiaodan Zhu

Social factors & opinion

o Task 5: Toxic Spans Detection ([email organizers] [mailing list])
John Pavlopoulos, lon Androutsopoulos, Jeffrey Sorensen, Léo Laugier

o Task 6: Detection of Persuasive Techniques in Texts and Images Updated website
([email organizers] [mailing list])
Giovanni Da San Martino, Hamed Firooz, Preslav Nakov, Fabrizio Silvestri

o Task 7: HaHackathon: Detecting and Rating Humor and Offense ([email
organizers))
NOTE: new competition website!
J. A. Meaney, Steven Wilson, Walid Magdy, Luis Chiruzzo

Information in scientific & clinical text

o Task 8: MeasEval: Counts and Measurements ([email organizers] [mailing list])
Corey Harper, Jessica Cox, Ron Daniel, Paul Groth, Curt Kohler, Antony Scerri

o Task 9: Statement Verification and Evidence Finding with Tables ([email
organizers] [mailing list])
Nancy Xin Ru Wang, Sara Rosenthal, Marina Danilevsky, Diwakar Mahajan

o Task 10: Source-Free Domain Adaptation for Semantic Processing ([emalil
organizers] [mailing list])
Steven Bethard, Egoitz Laparra, Timothy Miller, Ozlem Uzuner

o Task 11: NLPContributionGraph ([email organizers] [mailing list])
Jennifer D’Souza, Soren Auer, Ted Pedersen
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De nombreux ateliers et compeétitions (2)

= kaggle Q  search
® (C=dalLab https://competitions.codalab.org/competitions/
Home
? Compete | \'ﬁ\ Getting Started Prediction Competition CO m petitions
@ Data Natural'Language Processing with-Disaster Tweets
<> Code Predict.which, Tweets.are.:about real disasters:and which ones are not
@ Samminites Kaggle - 1,325 teams - Ongoing . . .
Evaluating grammatical error corrections
9 Courses Organized by cnapoles
Overview Data Code Discussion Leaderboard Datasets Rules - st : ; :
< Méie This "competition” contains different evaluation metrics commonly used for

GEC and allows users to score their systems with these metrics ...

Overview
A N . Y | ADoBo — Automatic Detection of Borrowings
escription Welcome to one of our "Getting Started" competit ,
Organized by lea
Evaluation This particular challenge is perfect for data scientists looking to Detecting emerging borrowings from English into Spanish (words like
FAQ Language Processing. The competition dataset is not too big, ar 'smartphone' or 'fake news') that appear in the Spanish press

much personal computing power, you can do all of the work in o
Notebooks environment called Kaggle Notebooks.

https://www.kaggle.com/c/nlp-getting-started

Interspeech Shared Task: Automatic Speech Recognition for
Non-Native Children’s Speech
Organized by cleong

INTERE‘PE‘ECtl

Information Technology Laboratory

A joint shared task between FBK, ETS and Cambridge

Text Analysis C onference

'®°\ Thirteenth Text Analysis Conference (TAC 2020) ICDAR 2021 ICDAR 2021 Competition on Scene Video Text Spotting
SCENE VIDEO TEXT SROTTING Organized by Embers
TAC 2020 Tracks g 2020 - y 2021 COMPETITION . )
EPIC-QA Workshop: February 22-23, 2021 To support this competition, we extend the Larger-Scale Video Text Dataset

released in YORO [1], and release a dataset containing ...

* Epidemic Question Answering (EPIC-QA)
The goal of the EPIC-QA track is to evaluate systems on their ability tc
CoV-2, related coronaviruses, and the recommended response to the |
challenged to return expert-level answers as expected by the scientific
Track coordinators: Dina Demner-Fushman (ddemner@mail.nih.gov,
Home page: https://bionlp.nlm.nih.gov/epic_qga/
Group / mailing list: epic-ga@list.nist.gov

EmoEvalEs@lberLEF 2021

Organized by amontejo

0080
i)
0000

Workshop en Emotion detection and Evaluation for Spanish

Recognizing Ultra Fine-grained EntitieS (RUFES)

The goal of the KBP RUFES track is to extract and corefer mentions o
Track coordinator: Heng Ji (hengiji@illinois.edu) and Avirup Sil (avi@
Home page: https://tac.nist.gov/2020/KBP/RUFES/

Group / mailing list: tac-kbp@list.nist.gov

Streaming Multimedia K ledge Base Population (SM-KBP)
The goal of the SM-KBP track is to develop and evaluate technologies
explicit alternative interpretations of events, situations, and trends in ni
Track coordinator Hoa Dang (hoa.dang@nist.gov)
Home page: https://tac.nist.gov/2020/KBP/SM-KBP/
Group/ mailing list: sm-kbp @list.nist.gov

https:/ftac.nist.gov/2020/index.html ANF TDM — Introduction Fouille de Textes 66




De nombreux ateliers et compétitions (3)

DEFT (DEfi Fouille de Textes)

2005 (Dourdan, France, TALN 2005) : identification du locuteur d'un discours politique parmi deux protagonistes différents (Jacques Chirac
vs. Francois Mitterrand).

2006 (Fribourg, Suisse, SDN 2006) : segmentation thématique de textes politiques.

2007 (Grenoble, France, AFIA 2007) : détection de I'opinion exprimée dans un texte de retranscription de débats parlementaires (projets de
Loi relatifs a I'énergie).

2008 (Avignon, France, TALN 2008) : classification automatique de documents en genres (journalistique vs. encyclopédiques) et thémes
différents (art, économie, littérature, politique internationale, politique nationale, probléemes de sociétés, sciences, sports, télévision).

o 2009 (Paris, France) : fouille d'opinion (objectif/subjectif) en corpus multilingues (journaux et débats européens).
o 2010 (Montréal, Canada, TALN 2010) :

© 0 0 ©

o]

= Variation diachronique (1800-1944) en corpus de presse francaise (Le Journal des Débats, Le Journal de I'Empire, Le Journal des Débats
politiques et littéraires, La Croix, Le Figaro), identification de la décennie de publication d'un extrait d'article ;
= Variation diatopique en corpus de presse frangaise (L'Est Républicain, Le Monde) et québécoise (La Presse, Le Devoir).
2011 (Montpellier, France, TALN 2011) :
= Variations diachroniques (1800-1944) en corpus de presse francaise (Le Journal des Débats, Le Journal de I'Empire, Le Journal des
Débats politiques et littéraires, La Croix, Le Figaro, La Presse, Le Temps), identification de I'année de publication d'un extrait d'article ;
= Appariements résumé/article scientifique de revue dans le domaine des Sciences Humaines et Sociales (Humanités).
2012 (Grenoble, France, TALN 2012) : identification automatique des mots-clés indexant le contenu d'articles scientifiques ayant paru en
revues de Sciences Humaines et Sociales, avec I'aide de la terminologie des mots-clés (piste 1), sans terminologie (piste 2).
2013 (Les Sables-d'Olonne, France, TALN 201 3) : identification du niveau de difficulté de réalisation d'une recette, identification du type de
plat préparé, appariement d'une recette avec son titre, identification des ingrédients d'une recette.
2014 (Marseille, France, TALN 2014) : catégoriser le genre littéraire de courtes nouvelles, évaluer la qualité littéraire de ces nouvelles,
déterminer si une ceuvre fait consensus, déterminer la session scientifique dans laguelle un article de conférence a été présenté.
2015 (Caen, France, TALN 2015) : fouille d'opinion, de sentiment et d'émotion dans des messages postés sur Twitter.
2016 (Paris, France, TALN 2016) : indexation de documents scientifiques en francais.
2017 (Orléans, France, TALN 2017) : fouille d'opinion dans des messages postés sur Twitter.
2018 (Rennes, France, CORIA-TALN 2018) : recherche d'information et analyse de sentiments dans des tweets sur les transports en lle-de-
France.

2019 (Toulouse, France, PFIA-TALN-RECITAL 2019) : recherct ¥ ~ |
2020 (Naney—Franee; conférence virtuelle JEP-TALN- REQITA DEF I p Q21
e’ Esma 1 oV mm B

cliniques

https://deft.lisn.upsaclay.fr/2021/
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Hercules Dalianis

Manika Lamba
Margam Madhusudhan

Text Mining
for Information
Professionals

An Uncharted Territory

Clinical
Text
Mining

@_ Springer Open

Natural
Language
4 Processing

@ Springer

........

Studees in
NATURAL
LANGUAGE
PROCESSING

Expérimentations et évaluations
en fouille de textes

wn panorama des campagnes DEFT

= k:\-‘nlﬁ
C

JEAN-CLAUDE HEUDIN

Comprendre le

DEEP LEARNING

Une introduction aux réseaux de neurones

SENTIMENT ANALYSIS
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